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Churn prediction on cloud accounting software
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Abstract:

freee K.K. provides a cloud accounting software service as subscription model un-

der which a customer can use software over a period. Preventing customer churn is important

in subscription business.

This paper presents a prediction model which predicts whether each

customer will quit the service or not, taking into account our insight that customers who don’ t

use functions much tend to quit the service. The model’ s inputs are whether the customers have

used each function or not. A classifier is ensemble SVM. Experimental results are that precision,

recall and F-measure are approximately 80%. The high accuracy of the prediction model enables

us to identify customers who might quit the service in 70 days and take emergency measures to

beforehand.
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